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Two Reports
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Intention-behaviour gap in climate policy

“Intention-behaviour gap” “Intention-action gap”

“Attitude-behaviour gap”

“Value-action gap”

“Say-do gap”

Positive 
environmental 

attitude

General pro-
environmental 

intentions

Specific pro-
environmental 

intention

Initiated an action 
(but not followed 

through)

Engaged in and 
maintained 

action

Climate change seems serious… 
I should probably eat more 

environmentally-friendly food

Great that I’ve bought that e-bike! I’ll  
take it out of the shed next week
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Intention-behaviour gap?

Positive 
environmental 

attitude

General pro-
environmental 

intentions

Specific pro-
environmental 
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Initiated an action 
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Psychological differences matter much 
more than socio-demographic ones!



Example Diary Entry

Woman, 41, Galway
Morning:
Got dressed. Woke kids for school, got breakfast 
etc brought kids to school. 

Afternoon:
Worked Had lunch. Went to the gym. Worked.
 
Evening:
Had dinner, watched TV washed clothes, went to 
bed

Of the things you did yesterday, what do you 
think mattered most for your carbon 
footprint?
[Incentivised]

1. When I went to drop kids for school we 
walked 

2. When I worked at home I didn’t turn on 
lights. I used less electrical as best I could 

3. When I had my dinner I had very little food 
waste to throw out. 
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Identified Behaviours
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Intention-behaviour gap?
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Identified Barriers
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Please list here any reason why you find it difficult to change your transport 
behaviour to reduce your carbon footprint. The reasons can be something 
outside your control or something that is specific to you.

(Example)
Man, 36, Wicklow
1. I cannot afford an electric/hybrid vehicle 
2. My job requires me to work on site 4 days out of the week 

NB – spontaneously generated, not from pre-selected list & optional
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77% mention at least one policy barrier
45% mention only policy barriers
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Identified Barriers



Policy Support



What matters for policy implementation?
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“Status Quo Bias” in Climate Policy
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“Status Quo Bias” in Climate Policy

Andersson et al. (2023). Status Quo Bias Impedes Active Travel Policy by Changing the Process of Opinion Formation. ESRI Working Paper No. 755.
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“Status Quo Bias” in Climate Policy

What are the effects 
on traffic and 

parking?

Who proposed 
the layout?

What are the 
effects on 

community health?

Effects on people 
with disabilities/ 

elderly?

What are the effects 
on local businesses?

What are the effects 
on the local 

environment?

What are the effects 
on  necessary 

services?

What does the 
local community 

think?

Were the local 
community 
consulted?

History of the 
town layout?

Time to build the 
layout?

Is this type of 
layout common?



“Status Quo Bias” in Climate Policy

54.8

37.1

61.9

75.9

27.2

78.9

57.4

29.4

67.5

50.0

29.4 28.9

70.0

47.0

68.8

79.5

29.5

79.0

55.0

25.7

61.4

42.3

21.3 19.1

-30.0

-10.0

10.0

30.0

50.0

70.0

90.0

Effects on
Businesses

Time to
Construct

Effects on
Traffic

Community
Consulted?

Similar
Elsewhere?

Community
Opinion

Elderly and
Disabled

Effects on
Environment

Emergency
Services

Who
Proposed?

History of the
Town

Effects on
Health

%

← More often in Planned                                                             More often in Exists → 

Difference Existing Planned

Were community consulted & 
what was their opinion?

“Planned” change draws attention 
to what might go wrong



35.4

20.9

43.6

26.6
23.9

49.5

0

10

20

30

40

50

60

Decreased Tax No Change Increased Tax

%
 in

 e
ac

h 
in

fo
rm

at
io

n 
co

nd
iti

on
No Answers Answers

Engaging with Climate Science



Testing Homes for Radon
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All else equal (by randomisation) but 
maps varied by…

• Number of risk categories (2 vs. 3)

• Legend (Simple vs. Numeric Frequency)

• Search Granularity (Yes vs. No)

• Colour (Yellow to Red vs. Black)



Testing Homes for Radon
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Map Evaluation by Map Design

Timmons & Lunn (2023). Using information provision and risk maps to motivate testing for radon. Journal of Environmental Psychology.



Real Behaviour
Control BI Letter

Simplified

Reciprocity

Risk Freq.

Urgency



Real Behaviour
BI Letter
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Real Behaviour
BI Letter

Simplified

Reciprocity

Risk Freq.

Urgency

BI + Map

+ printed map



Results
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Timmons & Lunn (2023). Behaviourally-informed household communications increase uptake of radon tests in a randomised controlled trial. Scientific Reports.



Lessons for Behaviour Change
• Be specific – what behaviour and what 

psychological population?
• Don’t assume awareness (“curse of 

knowledge”)
• Simplify communications. Test behavioural 

levers (e.g., reciprocity ). 
• Investigate individual-system interactions
• Proposed changes direct attention to what 

could go wrong
• Biases can play a bigger role that socio-

demographic group differences



Lessons for Methods

• For awareness, measure what people 
can generate not just what they 
recognise.

• Don’t just record what people say 
matters. Measure relevant psychological 
phenomena and behaviour.

• Intuitions can lead us astray – test!
• Allow time for behaviour to change; 

take longer-term measures where 
possible.
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Food choice



Food choice – Calorie Posting

Robertson & Lunn, Appetite, 2020
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Food choice – Nutri-Score

1) Does Nutri-Score influence 
choices of snack foods?

2) Does the range influence 
choice of snack foods?
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Does NutriScore or the range of products influence what people buy?
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Perception of Public 
Health Policy
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Do people recognise effects of surroundings on obesity? Does this 
differ by country? Do the public differ from experts?
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Note. Sociodemographic covariates included in models. The 
difference between the maximum and minimum bounds on the y-
scale equals 1SD (Witt, 2019). Error bars are standard errors.
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Screening



Research design
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Comprehension
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Immunisation



a. Control
b. Doctor endorsement
c. Risk
d. Social rationale

What predicts vaccine hesitancy?
Some common themes from surveys:
- Socio-dem differences
- Not necessary for me
- Won’t be too bad if I get COVID
- Don’t trust government
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No substantial difference between socio-demographic groups.
No difference in worry about side effects.
Smaller differences in perceived risk than might be expected.



Gambling



Problem gambling prevalence

• Previous estimate of 0.03%.
• Done with gold standard face-to-face survey in home.
• We measured online in anonymous nat rep sample.
• Estimate of 3%. 
• Measured expenditure. Matched new estimate.
• Measured perceptions of friends and family. Matched new estimate.
• Similar findings in US and UK.
• Mental wellbeing of people with problem gambling and friends and 

family of those with problem gambling lower.



What have we learned about behavioural 
science of public health?

• People don’t always know what affects their behaviour, 
or what will affect it in future. 

• While knowledge can be important, capturing attention 
at the time of the decision is arguably more so.

• The individual narrative is strong and can influence 
policy perception…
…but may be modifiable. 



What have we learned about applying 
behavioural science to health?

Formulation Implementation Evaluation

VERY simplified view of policy process:

• Most of what we have done so far is pre-testing proposed policies. 
• However, increasingly more in formulation stage. Not diagnosing first can sometimes lead 

us astray.
• Creativity and cross-disciplinary methods are useful, even crucial (e.g. measuring real 

behaviour in lab, new ways to measure gambling behaviour, new insights for obesity).
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Improving Financial Decisions
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“Price Lab”

• Mixed methods from cognitive psychology and 
experimental economics

• Laboratory experiments

 How accurately could people compare products and 
prices?

s1 s3

s2

s4
s5

interest 
rate

term

brand fees



Example results

Once people had to trade off 
more than two attributes and a 

price…
…really inaccurate
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Loans examples
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• Choice between loans differing in length 

by one year

• Same APR

 Choice strongly affected by whether 

monthly repayment (MR) or financial 

cost (FC) also salient
7 v 85 v 64 v 53 v 42 v 31 v 2 6 v 7

Lunn, P.D., Bohacek, M. and Rybicki, A. (2016). An Experimental Investigation of Personal Loan Choices. Dublin: ESRI, Irish 
Central Bank, CCPC, CER, ComReg.



Another online shopping example - “extreme” 
disclosure

Julienne, H., Barjaková, M., Robertson, D. & Lunn, P.D. (2021). The effects of disclosure about personalised 
pricing on consumers: Results from a lab experiment in Ireland & Chile. Paris: OECD Publishing. 

• This disclosure did not induce switching between 
websites (including for real purchases)

• The disclosure did not prevent us charging 30-50% 
higher for the same product – “dominance”

• Post experiment comprehension test revealed poor 
consumer understanding of personalised pricing



Another loans experiment

Timmons, S., McGowan, F.P. & Lunn, P.D. (2019). Setting defaults for online banking transactions: Experimental 
evidence from personal loan repayment terms. Journal of Behavioral and Experimental Finance, 23, 161-165. 



Results
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12-16% more consumers 
chose a loan of 3 years or less 
when the default was 1 year 
compared to 5 years

Choosing a 3 year 
rather than a 4 year 
loan at cheapest APR 
saved €470

Difference

Timmons, S., McGowan, F.P. & Lunn, P.D. (2019). Setting defaults for online banking transactions: Experimental 
evidence from personal loan repayment terms. Journal of Behavioral and Experimental Finance, 23, 161-165. 



Summary so far

• People struggle to integrate product information

• They focus on a few attributes but ignore others

• This means that:
  Decisions can be easily manipulated
  Disclosure is not enough
  Consumers need protection in these markets
  We need to give them good “choice 

architecture”

BUT

 Isn’t education the answer?

 These experiments are hypothetical…

 Do such large effects happen in the real 
world?



RCT - Behavioural redesign of online 
application

65

• Designed behaviourally 
informed online savings 
application form

• Introduced 8 behavioural 
innovations

• Tested in a large RCT in 
collaboration with Bank of 
Ireland 0
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Timmons, S., Robertson, D.A. & Lunn, P.D. Combining nudges and boosts to increase precautionary saving: A 
large-scale field experiment. Journal of Economic Psychology. ESRI Working Paper No. 722.



Multi-stage diagnostic study: How well can consumers 
understand and use smart meters and ToU tariffs?

• Can consumers choose a tariff to match an estimate of personal usage? 

• Can consumers match a simple usage to an appropriate tariff?

• If shown tariffs in different formats, do consumers understand them?

• Can personalised calculators help?

No
Sometimes

Partly

Yes

Belton, C. A. and Lunn, P. D. (2020). Smart choices? 
An experimental study of smart meters and time-
of-use tariffs in Ireland. Energy Policy, 140, 111243. 



PCP deals [ BRAND LOGO
AND NAME ]

• Can people choose as consistently among PCP 
deals as standard deals? 

• Do they make objective mistakes by opting for 
dominated options?

• Which aspects of PCP deals are confusing?

• Does current online advice help?

• Can “behaviourally informed” advice do better?

No

Yes
Most…

A little
A good bit more

McElvaney, T., Lunn, P.D. and McGowan, F. (2018) Do Consumers Understand PCP Car Finance? An Experimental 
Investigation. Journal of Consumer Policy, 41, 229-255. 



Experimental pre-tests of possible solutions

• Loan comparison

• PCP advice

• Health insurance sequential 

product comparison

• Estimated annual bill (EAB)
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Final Observations

• Our own judgements tend to be 
biased
The curse of knowledge
Hindsight bias 

• Understanding the psychological 
mechanism matters
Remedy requires diagnosis
Studies need to be undertaken in context  

Thank You
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