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Abstract: This paper investigates the factors that determine job-to-job mobility in Ireland over the
period 1995 to 2001. It finds that labour market experience, working in the public sector, whether
a person is overskilled, the sector they work in and their occupation are important determinants
of voluntary job change. The paper finds the rate of voluntary job mobility in Ireland trebled over
the period 1995 to 2000. The sample is divided into two time periods and a decomposition
technique is applied to ascertain how much of the increase in mobility is attributable to
compositional changes and how much is due to other factors. Compositional changes explain
around one-third of the increase, while the remainder seems to reflect fundamental changes in the
operation of the labour market.

I INTRODUCTION 

The focus of this paper is to investigate the various factors that determine
job-to-job mobility in Ireland. The dataset used covers most of the Celtic

Tiger period, a time where growth in the Irish economy was exceptional, and
the paper addresses the effect the changing labour market had on job mobility.
Job mobility1 is an important phenomenon to understand because the
movement of workers from one job to another allows for flexibility in the
labour market by providing workers and firms with a mechanism to adapt to
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1 Job mobility refers to the ability of workers to change jobs; in practice realised job changes are
used as a proxy for job mobility. 
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changing economic and personal circumstances. It is a process that allows for
and promotes allocative efficiency in the labour market.

Over the course of the 1990s the Irish economy experienced spectacular
growth rates with GNP growth averaging 7.9 per cent per annum over the
period 1995 to 2001. The success of the Irish economy over this period was
built on factors that affected labour supply, such as the favourable
demographic structure of the labour force, a dramatic rise in female
participation rates and net immigration, particularly towards the end of the
period, and factors that affected the demand for labour such as foreign direct
investment and competitiveness. Over this period, labour supply growth
averaged 3.4 per cent per annum and employment increased by an average of
67,000 per annum (on a PES basis), implying that the number of jobs created
over the period far exceeded the number of jobs that were destroyed.  Existing
research tells us that some of these jobs were filled by those returning to the
labour market, particularly women (see Doris, 2001), and immigrants or
returning nationals (see Barrett, Fitz Gerald and Nolan, 2002). However, little
is known about existing workers who changed jobs over the period as well as
what affected their decision to do so and this paper seeks to bridge that gap.

One of the findings of the paper is that the rate of voluntary job mobility
trebled over the period 1995 to 2000. The paper also investigates the potential
causes of this increase – is it simply driven by changes in the composition of
workers or do other factors such as changes in the labour market conditions
facing workers play a role?

The paper is organised as follows: Section II surveys the theoretical
literature on job mobility and outlines what the literature tells us we should
observe in the data, Section III describes the dataset, the construction of key
variables and provides some descriptive statistics. Section IV presents the
results of some multinomial probit models of job change and how we take
account of changes in the labour market environment over the period. Section
V outlines a decomposition technique that is used to ascertain the extent to
which the increase in mobility is driven by changes in the composition of the
sample. Section VI concludes.

II BACKGROUND

2.1 Why do Workers Change Jobs? Theoretical Models
A multitude of theoretical models exist that explain why we observe job

mobility and the subsequent effect of mobility on wages. These approaches are
seen as non-competing in terms of explaining job changes so this paper is not
proposing to test between them as each contributes to our overall
understanding of the mobility process.
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In these models the labour market is typically characterised by imperfect
information or by some degree of heterogeneity. It is usually assumed that
there is a range of different jobs in the labour market and that individual
workers differ in their ability to perform the tasks associated with any of these
jobs. In other models, the assumption of imperfect information means that
firms are uncertain about the productivity of a worker at the beginning of an
employment relationship. As a result, workers may not be initially employed
in the jobs in which they are the most productive. Job mobility provides a
mechanism for the labour market to move towards a more efficient allocation
of resources whereby workers sort themselves into jobs that maximise their
productivity. Three main theoretical approaches can be distinguished from the
literature, namely job search models, job matching models and human capital
models. 

At the core of job matching models is the idea that the labour market is
characterised by imperfect information. In Jovanovic’s (1979) seminal
contribution, the quality of an employment match, where quality is defined in
terms of the worker’s actual productivity in a particular job, is not known ex
ante. Over time, as tenure increases, information about the worker’s
productivity is revealed and prior expectations about the quality of the match
are updated. This information leads to either job continuance or job turnover
when the quality of the match is worse than initially expected. Consequently,
the probability of mobility declines with tenure. Workers move to increasingly
higher quality matches, where they are rewarded more for their particular
aptitudes. This model predicts a positive relationship between job mobility
and wages, although it is not a direct relationship but rather wages are
affected through improved match quality. 

In job search models, there is heterogeneity across workers in their ability
to perform certain jobs. For example, in Burdett’s job search model (1978), the
quality of the match is known ex ante so workers face a distribution of
productivity and wages that reflect their ability to perform different jobs.
Workers can continue to search for a better job after accepting a job offer.
Another firm will offer the individual a wage that reflects the person’s
productivity in that particular firm. The more intensely a worker searches, the
faster is the arrival rate of alternative offers. The worker will accept any offer
received with a wage higher than their current wage after allowing for any
costs involved in changing jobs. In this type of model, as workers gain more
labour market experience they have more opportunities to search for, evaluate
and accept superior job offers. Consequently, as experience increases so does
the worker’s reservation wage for changing jobs so the probability of job
mobility declines with experience. 

JOB MOBILITY IN IRELAND 17
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Human capital models (such as Becker (1962) and Oi (1962)) imply an
inverse relationship between job mobility and investment in job-specific skills,
which incorporates both on-the-job experience and any formal training. As
tenure in a job increases, workers acquire more specific human capital and
this creates a higher earnings potential for that person in their job, and so
reduces the probability of job mobility. The nature of the human capital a
worker acquires on-the-job, in particular its transferability to another job, will
determine the wage impact of changing jobs. If specific human capital is an
important determinant of earnings, changing jobs may result in wage losses.

Many modern theoretical models build on the models described above.
However, there are alternative approaches. Blumen et al. (1955) was one of the
first models of job mobility. In their mover-stayers model, workers have an
unobservable characteristic such as the capacity to stay in a job, that affects
their productivity. High productivity workers will avoid job turnover, while low
productivity workers will change jobs frequently. In this model, mobility is
negatively correlated with wages because it is correlated with the
unobservable characteristic that determines mobility. In direct contrast, in
Lazear’s (1986) raiding model, mobility acts as a positive signal of productivity
and leads to wage gains. In this model, firms use workers’ previous wages as
an indicator of their quality and so high productivity workers’ experience more
mobility than low productivity workers because the highest paying firms
poach workers from their rivals.

2.2 Patterns We Should Observe in the Data

(a) Labour Market Conditions
Turnover rates should vary over the course of the business cycle. During

upturns there is an increase in vacancies and so there are more potential
employment opportunities available to workers. In job search models, this
would lead to an increase in the job arrival rate. In job matching models there
is an increase in the number of alternative jobs a worker can switch to. In
general, we would expect workers to have a higher probability of quitting
when they have a good chance of obtaining a better job quickly. Therefore,
when labour market conditions are tight we would expect to see more quits
then when they are loose (see for example, Hamermesh (1996)). Conversely,
layoff rates tend to be anti-cyclical; when demand falls employers will layoff
workers.

Burgess et al. (2000) examine whether the relationship between job
turnover and the business cycle is more complex. They argue and find
empirical support for their hypothesis that in an upturn, where there is a
surge in hiring by forms, there is also an increase in the number of workers
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whose productivity is unknown and this may lead to higher subsequent job
separations. Similarly, downturns in activity provide employers with an
opportunity to shed their least productive workers, thus reducing the need for
subsequent adjustments in their workforce.  

(b) Effects of Tenure, Age and Experience
Age is an important factor determining job mobility and turnover declines

with age.  In Stigler (1962) younger workers are more likely to try a variety of
jobs in order to acquire knowledge of the labour market and their own
preferences and ability for different jobs (a process known as “job shopping”)
so we should expect to see higher mobility rates for younger workers. As
workers gain labour market experience, they move to better job matches. In
job search models, with each job change the worker moves up the wage offer
distribution leaving them with fewer jobs to which it would be worthwhile for
them to move to in the future so mobility declines with experience. This is
supported empirically by numerous studies. For example, Topel and Ward
(1992) find that for young men two-thirds of their total lifetime job mobility
occurs within the first ten years of their career. They see job mobility for young
workers as a crucial phase in workers’ movement to more long-term stable
employment relationships. 

The probability of job mobility also declines with tenure. In job matching
models, when the quality of the match is revealed, workers in a successful
match may be rewarded with higher wages or match specific rents. If tenure
indicates the existence of a successful match then these rents may reduce job
mobility for workers with longer tenures. In human capital models, the
relative value of an existing job, in terms of productivity and wages, increases
with tenure because of specific human capital accumulation. Therefore, as
workers acquire specific human capital the probability of turnover is reduced.

In addition, Groot and Verberne (1997) argue that mobility is likely to be
higher for younger people or for those with less labour market experience or
less tenure due to the presence of mobility costs. There are both financial and
psychological costs to changing jobs. Older people are more likely to have
made investments in housing and be more settled or attached to their
environment. The costs of changing jobs are likely to be higher for older
people, especially if changing jobs involves moving house. Workers with longer
tenure are likely to have higher psychological costs in changing jobs. To the
extent that longer tenure reflects high quality matches, these workers may
feel a stronger attachment to their organisation and colleagues. In addition,
even if the costs associated with changing jobs are the same for younger and
older people, younger people have more time before retirement to make up
these costs. Finally, workers change jobs if the expected utility from doing so
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exceed the costs. If the gains involved in changing jobs put a worker on a
higher wage path younger workers will benefit for longer from these gains. In
addition, older workers may have higher time preferences and therefore apply
a higher discount rate on future earnings so job mobility declines with age.2

(c) Gender
Central to why we might expect differential mobility rates by gender is

that women have a lower attachment to the labour force. Barron et al. (1993)
develop a job-matching model where workers differ in their attachment to the
labour force. The model predicts that those with a weaker attachment to the
labour force are sorted into jobs that offer less training and that use less
capital and as a result have less to lose by changing jobs in terms of specific
capital. On the other hand, women may be less likely to change jobs if they are
more constrained by non-market variables such as their partner’s location or
the rearing of children (Royalty, 1993). Empirically, several studies have found
that by controlling for characteristics, such as labour market experience,
gender differences in turnover rates diminish or disappear (e.g. Blau and
Kahn, 1981; Loprest, 1992; Booth and Francesconi, 1999).

(d) Education
There are several reasons to expect a relationship between education and

job mobility but there is no consensus in the literature as to whether it is
positive or negative. On the one hand, the specific human capital model
implies that education increases job duration and therefore, reduces mobility.
It is also possible that individuals with more specific human capital may be
less likely to experience job change, because the specific nature of their human
capital may have no value to other employers. Connolly and Gottschalk (2006)
observe that less educated workers may invest less in human capital and
consequently have less to lose by changing jobs. They will, therefore, have a
lower reservation value when approached with an alternative job offer. Weiss
(1984) suggests that there is an unobservable characteristic, which he calls
“stick-to-itiveness”, that affects both the value of education and the value of
staying in an existing job. In addition, Barron et al. (1993) argue that
education may qualify workers for high training jobs or capital-intensive jobs
and so incentives are offered to decrease the expected number of quits for
better-educated workers. Neal (1999) proposes a model of job search that
involves both employment matches and career matches. He argues that less

20 THE ECONOMIC AND SOCIAL REVIEW

2 While there are theoretical arguments supporting the importance of variables such as age,
experience and tenure, empirically, they tend to be correlated with each other, which may make
the identification of separate effects difficult.
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educated workers are likely to experience more job turnover because they
experience mobility that involves career change and then they search for a
good employment match. Therefore, it is possible that the process of finding a
good career match may add considerably to the wage growth of younger
workers, especially the less educated. To the extent that better educated
workers (especially those with college degrees) use time spent in education as
a form of pre-market search, they are less likely to experience mobility that
involves career changes.

However, it is also possible that there could be a positive relationship
between education and mobility. Weiss (1984) argues that education increases
workers alternative opportunities and so may increase job mobility. Johnson
(1979) argues that higher wage variance may increase the option value of job
mobility, so highly educated workers may experience more job turnover as
they face more variable but potentially more rewarding alternative job offers.
In addition, Greenwood (1975) contends that highly educated individuals may
be more efficient job searchers and so have lower transactions costs and,
therefore, may change jobs more easily. It is possible that better educated
workers are more likely to have ‘faster’ careers and will change jobs more
frequently as a means of advancing up the career ladder (Borsch-Supan,
1987). Finally, Bartel and Lichtenberg (1987) put forward the idea that highly
educated workers have a comparative advantage in learning and implement -
ing new technologies and so firms may provide incentives to reduce job quits.

III DATASET, DEFINING JOB MOBILITY AND DESCRIPTIVE
STATISTICS 

3.1 Dataset and Sample Construction
The Living in Ireland Survey (LIS) is used to investigate the determinants

of job change. The LIS constitutes the Irish component of the European
Community Household Panel (ECHP) which began in 1994 and ended in 2001.
It involved an annual survey of a representative sample of private households
and individuals aged 16 years and over in each EU member state, based on a
standardised questionnaire. A wide range of information on variables such as
labour force status, occupation, income and education level is collected. There
is also a wealth of data collected on job and firm characteristics.3

To identify those who have changed jobs I make use of the panel dimension
of the LIS. A revolving balanced panel of people aged 20 to 60 years, roughly
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3 There was some attrition in the sample in the earlier years, although the representativeness of
the sample was improved in 2000 with the addition of new households. These new entrants to the
LIS sample have been excluded from the analysis.
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the prime working age, has been selected from the LIS. The reason for this is
that a balanced panel prevents the entry of younger people into the sample
and so over time, as the fixed sample ages the proportion of younger people
would decline.4 Individuals are included in the sample for some years but not
for others if they fail to meet the age restriction.5 Each individual’s labour
force status is then categorised on a PES basis. Individuals, who are
categorised as employed, are those who work or usually work at least 15 hours
per week. I only consider cases where labour force status is available in each
year they are eligible for inclusion in the sample. In each year there are
around 20 people whose labour force status cannot be classified.6 These cases
are deleted from each year of the sample. 

Table 1 shows the total sample size each year and provides some basic
characteristics of the sample. The average age of the sample declines over the
period implying that the impact of the baby boom generation outweighs the
effect of the ageing of the sample. The sample participation rate appears high
but it is measured as the proportion of people in the labour force aged 20 to 60
as a percentage of the total number of people age 20 to 60.7 The male
participation rate is significantly above that of the female participation rate,
however there is a dramatic rise in the female rate over the period. The Table
also shows that participation rates decline with age, as we would expect, and
that the participation rates for those over the age of 30 increased between
1994 and 2001.8

3.2 Calculation of Job Mobility
To capture job changes we need to be able to identify those who have

separated from their employer between waves. The LIS does not contain an
explicit question about changing jobs. However, job mobility can be inferred
from answers to the question When did you begin work with your present
employer (or in your present business)? Please specify the month and the year.

22 THE ECONOMIC AND SOCIAL REVIEW

4 For example, someone who is aged 20 in 1995 will be 26 years in 2001 and if we only considered
the same group of people over time (a balanced panel), there would be no one below the age of 26
years in the panel by 2001. Effectively, a revolving balanced panel allows younger people into the
sample in later years. 
5 This approach to selecting a sample is similar to that of Baker and Solon (1999).
6 These individuals are either not working and no reason is given for why they are not seeking
work or in the bulk of cases they are in remedial training or sheltered workshops.
7 Using CSO data, the participation rate for those aged 15 to 64 years rose from 60 to 66 per cent
over the period.  This is below the participation rate of the sample given in Table 1, but it
considers more younger and older people who are less likely to be in the labour force and so it is
at least consistent with the rate given in Table 1. 
8 There is a 5-percentage point drop in the participation rate for people aged 20 to 29 years
between 1999 and 2000. This is explained by an increase in the proportion of younger people
staying on in education, in particular those aged 20 years. 
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The response to this question is used to measure workers tenure in their
current job. If we observe that an individual was working in the previous year
and if their response to this question in the current year is less than the time
elapsed between interviews then we conclude that this person has changed
jobs. 

Job mobility is defined in terms of employment-to-employment transi -
tions. To capture this in the data workers need to be employed in two
consecutive years. For example, someone who is employed in one year and
then unemployed for two years and then employed again is not included in the
analysis. Even though this person has changed jobs over the four-year period,
they have moved from being employed to being unemployed for two years to
being employed again. Restricting the sample to people who are employed in
consecutive two-year periods means that this type of case is excluded. I have
excluded these types of transitions because the decision to change jobs is
different to the decision to move from, say non-participation or unemployment
to employment. This definition of job mobility only allows people to be
unemployed or to not participate in the labour market for a relatively short
amount of time between jobs, essentially less than a year (or more precisely
less than the amount of time between interviews). In addition, this measure of
job mobility may underestimate total job mobility if more than one job change
occurs between subsequent interviews. Farber (1999) states that one of the
central facts about job mobility is that there is a high hazard of jobs ending
within the first year of an employment relationship. 

Individuals who are employed in successive two-year periods are selected
from the revolving balanced panel. The resulting sample is one with workers
who have a high attachment to the labour force.  In each year around 12
people do not give a response to the question about how long they have been

JOB MOBILITY IN IRELAND 23

Table 1: Revolving Balanced Panel of Individuals Aged 20 to 60 Years

1995 1996 1997 1998 1999 2000 2001

Total Sample Size 2,417 2,367 2,338 2,299 2,294 2,325 2,357
Average Age 42.0 41.8 41.5 41.2 40.9 40.4 40.1

% % % % % % %
Participation Rate 64 65 68 70 72 72 73
Participation Rate: Male 90 89 90 90 91 90 90
Participation Rate: Female 40 43 47 51 54 56 57
Participation Rate: 20-29 years 79 81 81 81 83 78 80
Participation Rate: 30-39 years 70 72 74 77 76 79 78
Participation Rate: 40-49 years 66 67 71 73 76 76 75
Participation Rate: 50-60 years 48 49 51 54 55 59 61
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with their current employer and they are excluded from the sample. This
results in 1,916 people in the analysis and 9,377 person-year observations.
Table 2 shows the number of workers employed in consecutive two-year
periods and the rate of job change.  Each year approximately 10 per cent of
workers change jobs. However, this figure masks an important trend evident
in the data. In 1995, 6.5 per cent of workers changed jobs and this rate
increased over the period so that by 2000 the mobility rate was 13.5 per cent.

Table 2: Job Mobility Rate

1995 1996 1997 1998 1999 2000 2001

Number of workers 1,185 1,229 1,274 1,337 1,406 1,449 1,497
No. Job Changes 77 89 110 146 151 195 159
Job Mobility Rate 6.5% 7.2% 8.6% 10.9% 10.7% 13.5% 10.6%

A total of 927 job changes are identified, however, some people changed
jobs more than once so Table 3 shows the number of jobs held by the 1,916
workers between the beginning and end of the 7-year period.

Table 3: Number of Job Changes Per Worker

0 1,328
1 375
2 126
3 57
4 21
5 9

To put Ireland in an international context, Table 4 shows average
estimates of job mobility for young workers over the period 1995 to 2001 across
a range of European countries. From the Table we can see that young workers
in Ireland have a relatively high rate of job mobility.9

The LIS also asks the main reason for the previous employment
relationship ending. This allows us to identify worker initiated or voluntary
quits such as obtaining a better job, family-related quits etc. and employer
related or involuntary quits such as redundancy, dismissal, business closure

24 THE ECONOMIC AND SOCIAL REVIEW

9 The mobility rate for Ireland in Table 4 refers to workers who were under the age of 30 years in
1994 as the sample considered by Davia (2005) is restricted to younger people. This paper focuses
on workers aged 20 to 60 years. The mobility rate reported by Davia for Ireland is consistent with
the mobility rate this paper finds for younger people.
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etc. It may be important to be able to distinguish between voluntary and
involuntary job turnover as the reason for job separation is likely to have
different impacts on subsequent wage growth.10 Table 5 gives the main reason
why job changers stopped working in their previous jobs. In each year the bulk
of job changes were voluntary, with 50 per cent of job changes being voluntary
in 1995 rising to just around 65 per cent in 2001.11 In 1995, 32 per cent of
mobility was involuntary and this tended to fall over the period so that by
2001 around 21 per cent of all job changes were involuntary. Unfortunately,
around 16 per cent of people who changed jobs over the period did so for
another reason that was not included in the questionnaire or they did not
answer the question. These workers are excluded from the analysis that
follows and Table 6 shows the number of workers employed in consecutive two-
year periods and the rate of job change for the resulting sample.

3.3 Descriptive Statistics
This section examines some individual characteristics of workers and of

those who change jobs. The aims are to identify differences in characteristics
between those who change jobs and those who stay in their jobs and also to
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Table 4: Job Mobility Rates, Average Between 1995-2001 for Workers Under 30
Years in 1994

%

Germany 6
Netherlands 8
Austria 8
Portugal 9
Belgium 10
France 10
Italy 10
Greece 13
Ireland 16
UK 19
Finland 22
Spain 23

Source: Davia (2005), estimates derived from the European Community Household
Panel Survey.

10 For example, Keith and McWilliams (1999) find differential rates of return to job mobility in the
US depending on whether the reason for separation is voluntary or involuntary. 
11 Included in the ‘Other Reasons Given’ category in Table 5 are explanations such as childbirth
or looking after children, looking after an old, sick or disabled person, that their partner’s job
required them to move to another place, study, or that the person became ill or disabled.
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any compositional changes in the total number of workers that might help
explain the rise in the rate of voluntary job change.

Age
The age distribution of all workers in the sample (from Table 6) is given in

Table A1. The proportion of workers in the 20 to 29 year age group increases
over time, and the increase is more marked in 2000 and 2001, reflecting the
fact that these younger people only have to be working for a relatively short
period of time for them to be included in the sample. The proportion of workers
in the 30-39 year age group declines over the period, consistent with the
ageing of the sample over time. The proportion of the workers in the 40 to 49
year age group increases up to 2000, again indicating the ageing of the
sample.12 The proportion of workers between 50 and 60 years declines slightly
over the period because the impact of people dropping out of the sample at 60
years slightly dominates the effect of ageing. There is a slight decrease in the

26 THE ECONOMIC AND SOCIAL REVIEW

Table 5: Reason for Stopping Previous Job

1995 1996 1997 1998 1999 2000 2001
% % % % % % %

Voluntary Turnover:
Got Better Job 47 43 43 42 46 54 57
Other Reasons Given 3 7 10 15 16 12 9
Involuntary Turnover:
Obliged to Stop 10 11 12 16 8 10 9
End of Contract 22 24 15 11 15 11 12

Rest 18 16 20 15 15 12 13

Table 6: Job Mobility Rate

1995 1996 1997 1998 1999 2000 2001

Number of workers 1,171 1,215 1,252 1,315 1,384 1,425 1,476
No. Job Changes 63 75 88 124 129 171 138

% % % % % % %
Overall Job Mobility Rate 5.4 6.2 7.0 9.4 9.3 12.0 9.3
Voluntary Mobility Rate 3.2 3.6 4.6 6.4 6.8 9.1 7.0
Involuntary Mobility Rate 2.1 2.6 2.4 3.0 2.5 2.9 2.3

12 The proportion declines slightly from 2000 to 2001. The numbers leaving to enter the older age
group roughly cancels out the number of people entering this age group and because the number
of people in the younger age group is increasing quite dramatically the share of the total
accounted for by the 40 to 49 year age group declines somewhat.
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average age of workers over the period due to the impact of the ‘baby boom’
generation.

Table A1 also shows the percentage of each age group who experience
voluntary and involuntary mobility over time. From the Table we can see that
the propensity to voluntarily change jobs declines with age and this finding is
consistent with the empirical literature. This relationship is also shown in
Figure 1. The increasing proportion of young people aged 20 to 29 years is, at
least in part, driving the increase in the overall mobility rate. Interestingly,
the mobility rates for workers over the age of 30, although somewhat volatile
over the period, show quite large increases. For example, the rate of job change
for those between 30 and 39 almost trebles over the period, albeit from a much
lower base than comparable rates for workers aged between 20 and 29 years.
Workers who change jobs are on average 8/9 years younger than the sample
average. The rates of involuntary change by age group are closer together,
although those in the 20 to 29 year age category experience the highest rate of
involuntary job separations.

Gender
Table A2 shows the gender distribution of workers over time. Female

workers account for a rising proportion of workers over time capturing female
workers who returned to the labour market. The percentage of men and
women who change jobs by type of change is also given in Table A2. Female
workers experience a higher rate of voluntary mobility than male workers and
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Figure 1: Voluntary Job Change Rate by Age Group
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male workers experience a higher rate of involuntary mobility. Both the male
and female rates of voluntary job mobility increase over the period 1995 to
2000 with the female rate increasing at a faster pace. The female voluntary job
change rate is around 1 percentage point above the male rate so the changing
gender distribution of workers may be contributing somewhat to the rise in
the voluntary job mobility rate over the period. 

Education
Table A3 shows the education distribution of all workers where low-skilled

workers are those who have, at most, Junior Certificate education, medium-
skilled are those who have, at most, a diploma and high-skilled are those with
degrees.13 From the Table, an improvement in the educational attainment of
workers is apparent with low-skilled workers accounting for a declining
proportion of the total and medium- and high-skilled workers accounting for
an increasing proportion over time.

Table A3 also shows the percentage of workers within various education
groups who have changed jobs by type of change. Medium-skilled workers
have a slightly higher propensity to change jobs voluntarily than low-skilled
workers or high-skilled workers. The rise in the proportion of medium-skilled
workers may be contributing a small amount to the rise in the voluntary
mobility rate. Low-skilled workers have the highest rate of involuntary
separations. On average 3 per cent of low-skilled workers change jobs
involuntarily, while the comparable rates for medium-skilled and high-skilled
workers are 2 per cent and 1 per cent.

Occupation
The occupations workers have may provide a measure of more specific

human capital or skills, while education level is probably a better indicator of
more general human capital. The occupational distribution of workers and the
propensity for workers in different occupations to change jobs is given in Table
A4.14 As job changes may involve occupational change the data in the Tables

28 THE ECONOMIC AND SOCIAL REVIEW

13 There are between 1 and 7 cases each year where the answer to the educational attainment
question is missing. For these people, their educational attainment is assigned to them on the
basis of the age at which they left full-time education.
14 In the Living in Ireland Survey, occupations are classified according to the International
Standard Classification of Occupations, version 1988 (COM) 1-digit codes. In Table A4 the
‘Manager’ category comprises managers, senior officials and legislators; the ‘Professional’ category
includes those working in the armed forces, professionals, technicians and associated
professionals; the ‘Clerks’ category includes clerks, and service, shop and sale workers; the
‘Skilled’ category comprises skilled agricultural or fishery workers and skilled craft or trade
workers and finally the ‘Elementary Occupations’ category includes those in elementary
occupations and plant or machine operators and assemblers.
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refer to the occupation held in the previous year. Table A4 shows that over the
period there is generally some decline in the proportion of workers who are
managers, professionals and skilled workers, while the proportion of workers
in elementary occupations and clerks increases over the period. There is much
more variability in the rates of job mobility by occupation than by education
level. Clerks and those in elementary occupations have roughly double the
rate of job change of managers, professionals and skilled workers. The
changing occupational structure could be contributing to the overall increase
in mobility. Over half of the job changes identified involve a change in
occupation. Clerks and those in elementary occupations also have double the
rate of involuntary separations.

Sector
The share of workers in each sector is given in Table A5. The average

shares over the period are broadly comparable to the employment shares from
the Labour Force Survey and Quarterly National Household Survey, with the
exception of the share employed in agriculture which exceeds the CSO data by
around 5 percentage points and the share in market services which is around
5 percentage points lower than the CSO data.15 The declining importance of
agriculture in terms of its share in employment and the rising importance of
market services are evident. As with occupations, a job change may involve
changing sector so the data in the Table refers to the sectors workers were in
the previous year.

There is considerable variability in job mobility by sector. Workers in
construction and market services display the highest rate of job turnover,
while those in non-market services (predominately public sector workers), and
those in the agricultural sector are least likely to change jobs. A similar
pattern holds for involuntary mobility.

From the preceding analysis age, occupation and sector appear to be
important in explaining job change. The following section explores the factors
that determine job change more formally. The increase in job mobility over the
1995 to 2001 period may be driven by changes in the composition of the
sample, or, it may be related to the rapid output and employment growth
observed over the period and we try to capture this effect in the next section.  
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15 The market services sector comprises distribution, hotels and restaurants, transport, storage
and communications, financial intermediation, real estate, renting and business activities and
other services; the non-market services sector includes public administration and defence,
education, health and social work.
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IV DETERMINANTS OF JOB CHANGE

Table 7 reports the marginal effects of a multinomial probit model
examining the factors that determine voluntary quits and involuntary
changes relative to the base of staying in the same job with the same employer.
The data for 1995 to 2001 have been pooled so that there are 9,238
observations from which I have identified 552 voluntary job changes and 236
involuntary job changes.16 The explanatory variables are defined in Table A6.
The marginal effects are computed at the means of the explanatory variables. 

Beginning with the results for voluntary mobility, the signs and
significance of the coefficients are, in general, what would be expected.  The
marginal effect of experience is negative and highly significant implying that
for a worker with mean characteristics an additional year of experience is
associated with a 0.6 percentage point decrease in the probability of changing
jobs.17 Experience may have a non-linear effect on the probability of changing
jobs so to capture the fact that job changes are more likely to occur early in
one’s career a squared term is included in the specification. The positive effect
on the experience-squared variable implies as years of experience increase it
reduces the predicted probability of changing jobs at a diminishing rate. Booth
et al. (1999) use retrospective work-history data from the British Household
Panel Survey to study mobility over the period 1915 to 1990 and they find that
on average workers hold five jobs over the course of their working lives and
that half of all lifetime job changes occur within the first ten years of labour
market entry.

The marginal effect on gender is small and insignificant implying that
there are not gender differences in the probability of experiencing voluntary
mobility. Looking at household structure, workers who are married are less
likely to change jobs but the effect is not significant. If people are constrained
by their partners’ job we might expect the effect to be bigger for women. A
gender and marital status interaction term is included but is not significant.
The marginal effect on the children variable is small and insignificant imply -
ing that having children does not affect the probability of changing jobs.18 This
is somewhat surprising but may partly be explained by the fact that the
sample considers people who have a high attachment to the labour force.
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16 The coefficient estimates from a probit regression pooling both types of mobility are used as
starting values for the multinomial probit model.
17 Age was also included in the specification but as age and experience are highly correlated the
model did not support the inclusion of both. Experience is used in the final specification because
the resulting model has a better fit. 
18 Alternative formulations of this variable such as including the number of children were
examined. A gender and children interaction was included but was dropped because it was not
significant.
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The education variables capture general human capital. The marginal
effects of higher levels of education are small and insignificant implying that
education does not affect the probability of voluntary mobility. Booth and
Francesconi (1999) find a similar result for the UK. The negative effects on the
occupations of origin imply that people in occupations that embody more
human capital than the base category (elementary occupations) are less likely
to change jobs. In addition, workers in the public sector have a lower
probability of changing jobs. Overall, more specific human capital reduces the
probability of voluntary job mobility. 

A variable to capture overskilling, meaning that workers report they have
skills and qualifications necessary to do a more demanding job, is included in
the analysis as overskilling may indicate a poor job match. Workers who
report that they are overskilled,  have a higher probability of changing jobs. In
addition, a firm size effect is included to capture the fact that those working
in large firms may be less likely to change jobs  because they have more
alternative opportunities within the firm. The results indicate that workers in
firms with more than 50 employees have a lower probability of changing jobs.
Regional dummies and urban/rural dummies were also included but were
dropped from the final specification because they were not significant. These
location variables were included to try to capture the extent to which say,
proximity to a city means a worker has more alternative employment
opportunities.

The model results also show that workers in the building and market
services sector are 2.4 per cent and 1.1 per cent respectively more likely to
change jobs relative to workers in the non-market services sector. Workers in
the agricultural, manufacturing and utilities sector are less likely to change
jobs than those in the non-market services sector. 

The year dummies are used to control for factors that vary over time 
and that affect all workers. The coefficients on the year dummies are positive
and significant (with the exception of the dummies for 1996 and 1997)
implying that there is an increase in voluntary mobility in the later part of the
period. It is likely that these year dummies are picking up the strong rise in
economic and employment growth that took place towards the end of the
1990s. One would expect the mobility rate to be higher when the labour
market is tight. Ideally, one would like to include a variable that captures the
job offer arrival rate to workers over time. Vacancy rates may be a good 
proxy for this variable. Unfortunately, vacancy rates are not available for this
period. Table 8 reports the results for a probit model of voluntary job changes
(involuntary changes are dropped in the models reported in the Table). 
The first model in Table 8 is a standard probit model of voluntary mobility, and
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the second model includes the unemployment rate, instead of the year
dummies, as an indicator of labour market tightness. This variable is included
to try and capture the changes in labour market conditions over the period.
Essentially, lower unemployment rates may signal to workers that jobs are
more plentiful and that job search is likely to result in an alternative to their
current job. The marginal effect on the unemployment rate is negative as
expected and significant. Booth et al. (1999) also find that voluntary mobility
in the UK is pro-cyclical. 

The results in Table 7 suggest that there are some notable differences in
the effects of characteristics on the probability of job mobility when we
distinguish between types of mobility. The marginal effect of experience on
involuntary mobility is negative, but the effect is more muted then for
voluntary mobility. To the extent that experience and tenure are correlated,
the negative impact of experience may indicate that employers operate a ‘last
in first out’ policy towards layoffs. However, the smaller effect of experience on
involuntary mobility may mean that workers undergo involuntary mobility
throughout their career, not just in the earlier years.  Education has a
significant impact on the probability of involuntary job change. Workers with
higher levels of education are less likely to experience involuntary mobility. To
the extent that education acts as a positive signal of productivity, employers
that are shedding jobs are less likely to layoff better educated workers, as 
they may be harder to replace if the business recovers. Campbell (1997) also
finds a significant negative education gradient for involuntary mobility in the
United States. The results for occupation are broadly similar for both types of
mobility. 

The household/family variables have similar effects on involuntary
mobility. Although the marginal effect on the gender dummy changes sign, it
remains insignificant and the negative effect of the gender and marital status
interaction term becomes significant.  The effects of firm size, being
overskilled and sector are all smaller for involuntary moves. Somewhat
surprisingly, working in the public sector does not affect the probability of an
involuntary change. As the public sector is relatively sheltered, in the sense
that it is less exposed to market forces, we would expect that workers in the
public sector would make fewer involuntary changes. Finally, the time
dummies are smaller and insignificant for involuntary moves. We would
expect the impacts to be negative as firms are less likely to layoff workers
when demand is high. However due to the tightness in the labour market at
this time employers may have been more tolerant as workers were harder to
replace. The negative marginal effects on the time dummies imply there was
no significant change in forced moves over the period.
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Table 7: Multinomial Probit Model of Job Mobility*

Variable Marginal Marginal
Impact P >|z| Impact P >|z|

Voluntary Mobility Involuntary Mobility

Experience –0.0056 0.00 –0.0017 0.01
Experience squared 0.0001 0.00 0.0000 0.04
Education – medium –0.0025 0.63 –0.0113 0.00
Education – high 0.0049 0.57 –0.0131 0.00
(Ref: Education – low)
Female –0.0035 0.60 0.0056 0.29
Children 0.0053 0.33 0.0016 0.68
Married –0.0032 0.70 –0.0027 0.62
Female *Married –0.0078 0.34 –0.0108 0.02
Public Sector –0.0258 0.00 0.0009 0.85
Number of Employees > 50 –0.0143 0.00 –0.0069 0.02
Overskilled 0.0154 0.00 0.0095 0.00
Occupation of Origin:
(Ref: Elementary Occ’s)

Manager –0.0201 0.00 –0.0179 0.00
Professional –0.0192 0.00 –0.0154 0.00
Clerk –0.0102 0.08 –0.0138 0.00
Skilled –0.0176 0.00 –0.0161 0.00

Sector of Origin:
(Ref: Non-Market Services)

Agriculture & Mining –0.0299 0.00 –0.0077 0.12
Manufacturing    –0.0112 0.15 –0.0109 0.02
Utilities –0.0298 0.00 –0.0196 0.00
Building 0.0242 0.10 0.0169 0.13
Market Services 0.0106 0.16 0.0013 0.82

Year Dummies:
(Ref: 1995)

1996 0.0021 0.81 0.0020 0.69
1997 0.0101 0.28 –0.0003 0.96
1998 0.0270 0.01 0.0062 0.30
1999 0.0295 0.01 0.0025 0.65
2000 0.0500 0.00 0.0051 0.37
2001 0.0330 0.00 0.0019 0.73

N 9,238
Wald chi2 4366.98 
Prob > chi2 0.0000
Log pseudolikelihood –2,778.15

*Note: Standard errors are adjusted to take account of the fact that there are multiple
observations on the same people.
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Table 8: Probit Model of Voluntary Job Mobility*

Variable Marginal Marginal
Impact P >|z| Impact P >|z|

Specification 1 Specification 2

Experience –0.0056 0.00 –0.0057 0.00
Experience squared 0.0001 0.00 0.0001 0.00
Education – medium –0.0036 0.49 –0.0036 0.49
Education – high 0.0043 0.61 0.0045 0.59
(Ref: Education – low)
Female –0.0022 0.75 –0.0022 0.75
Children 0.0054 0.33 0.0056 0.32
Married –0.0033 0.69 –0.0031 0.71
Female *Married –0.0088 0.32 –0.0090 0.31
Public Sector –0.0262 0.00 –0.0262 0.00
Number of Employees > 50 –0.0142 0.00 –0.0145 0.00
Overskilled 0.0159 0.00 0.0159 0.00
Occupation of Origin:
(Ref: Elementary Occ’s)

Manager –0.0199 0.01 –0.0205 0.00
Professional –0.0191 0.01 –0.0195 0.01
Clerk –0.0102 0.10 –0.0104 0.10
Skilled –0.0171 0.01 –0.0178 0.01

Sector of Origin:
(Ref: Non Market Services)

Agriculture & Mining –0.0302 0.00 –0.0302 0.00
Manufacturing    –0.0121 0.15 –0.0121 0.15
Utilities –0.0302 0.11 –0.0304 0.10
Building 0.0234 0.06 0.0234 0.06
Market Services 0.0099 0.18 0.0098 0.19

Year Dummies:
(Ref: 1995)

1996 0.0019 0.83
1997 0.0091 0.30
1998 0.0264 0.01
1999 0.0284 0.00
2000 0.0500 0.00
2001 0.0324 0.00

Unemployment Rate –0.0036 0.00

N 9,002 9,002
Wald chi2 411.52 410.12
Prob > chi2 0.0000 0.0000
Pseudo R2 0.1459 0.1444
Log pseudolikelihood –1,772.84 –1,775.96

*Note: Standard errors are adjusted to take account of the fact that there are multiple
observations on the same people
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V DECOMPOSING THE INCREASE IN THE RATE OF 
VOLUNTARY JOB CHANGE

The voluntary job mobility rate trebles over the period 1995 to 2000. It is
useful to ascertain whether this increase is simply driven by changes in the
composition of the sample or whether it is due to other factors. One approach
to doing this is to group some of the earlier years and some of the later years
of my sample together and to decompose the difference in mobility rates
between the two groups into the difference attributable to differences in the
observable characteristics and the difference due to differences in the effects
of characteristics by applying a non-linear Blinder-Oaxaca type decomposition
to the estimates. This decomposition is important as it may help our
understanding of the extent to which the nature of the Irish labour market
itself changed over the period.

5.1 Non-Linear Decomposition Technique
I have grouped together the observations for 1995 to 1997 and for 1998 to

2001 as the marginal effects of the time dummies for voluntary mobility from
the multinomial probit model are only significant from 1998 on.19 There are
3,552 observations in the 1995-97 group and the average mobility rate is 3.9
per cent while there are 5,450 observations in the 1998-01 group and the
average mobility rate is 7.6 per cent. There is a 3.6 percentage point difference
in average mobility rates between the two groups. To decompose this gap
between the two mobility rates, a technique developed by Fairlie (2005) is
applied. The approach follows that of the Blinder-Oaxaca decomposition
technique for linear models. 

Consider the general case where the expected value of the dependent
variable is a function of a linear combination of independent variables where
the function F may or may not be linear:

E(Y ) = F(Xβ̂ ) (1)

where Y is an N � 1 vector, X is an N � K matrix of independent variables, β̂
is a K � 1 vector of estimated coefficients and N is the sample size.

From (1) the general expression for the mean difference in the expected
value of Y between two groups, say A and B can be written as:

________     ________    ________  ________
Y
–A – Y

–B = �F(XAβ̂ A) – F(XBβ̂ A)� + �F(XBβ̂ A) – F(XBβ̂ B)� (2)
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19 Involuntary job changes are excluded from this part of the analysis as the rate of involuntary
mobility is roughly constant over the period.
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The first term in the brackets in (2) represents the part of the difference
in the expected value of Y for the two groups that is due to differences in the
distribution of the independent variables between the two groups; this is
referred to as the “explained” component. The second term in the brackets
represents differences in the processes that determine Y for the two groups.

In a linear regression model E(Y) = F(Xβ̂ ) = Xβ̂ , the effect of X is constant
so 

____      ___   ___________
Y
–

= F(Xβ̂ ) = Xβ̂ = X1β̂ 1 + X2β̂ 2 + … (3)

N

� (X1iβ̂ 1 + X2iβ̂ 2 + …) 
i=1 –– ––

= –––––––––––––––––––– = X1β̂ 1 + X2β̂ 2 + …
N

where i = 1….n is the number of cases.
Using the expression for the general decomposition given in (2) yields the

standard Blinder-Oaxaca decomposition:

Y
–A – Y

–B = �(X
–A – X

–B)β̂ A� + �(β̂ A – β̂ B)X
–B� (4)

In a non-linear regression model, such as a probit model, the effect of X is
dY

not constant i.e. –––– = f(Xβ̂ )β̂K, the marginal effect of β̂K varies with the level
dXK – –––– –

X and the other variables in the model so Y = F(Xβ̂ ) ≠ F(Xβ̂ ). In this case: 

______ __________________
Y
–

= F(Xβ̂ ) = F(X1β̂ 1 + X2β̂ 2 + …) (5)

N

� F(X1iβ̂ 1 + X2iβ̂ 2 + …) 
i=1 _= ––––––––––––––––––––

N

Therefore we can write:
NA

F(Xi
Aβ̂ A)     NB

F(Xi
Bβ̂ B)

Y
–A – Y

–B = ��––––––––� – ��––––––––� (6)
i=1        NA i=1        NB

Fairlie suggests a decomposition for a non-linear regression equation,
which can be written as:

–
NA

F(Xi
Aβ̂ A)    NB 

F(Xi
Bβ̂ A)   NB

F(Xi
Bβ̂ A)   NB

F(Xi
Bβ̂ B) 

YA – Y
–B = ��–––––––– – �–––––––– � + ��–––––––– – �––––––––� (7)

i=1        NA           i=1        NB           i=1        NB             i=1        NB
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Again, the first term in the brackets provides an estimate of the overall
contribution of the independent variables to the gap in mobility rates and the
second term represents the unexplained component. As with the standard
Blinder-Oaxaca decomposition one can use the coefficients from Group A as
weights for the first term in the decomposition or the coefficients from a pooled
sample of the two groups or one can re-write the decomposition to use the
coefficient estimates from Group B.

Fairlie focuses on the first part of the decomposition, which estimates the
overall contribution of the independent variables to the difference in average
value of the dependent variable. The change in the average value of Y is
calculated by replacing the distribution of all independent variables from
Group A with the distributions of all the independent variables from Group B.

The contribution of each independent variable to the overall change in the
average value of the dependent variable is calculated by separately replacing
the distribution of each independent variable from Group A with its
distribution from Group B while holding the distribution of the other variables
constant. Suppose, first of all that the sample size of both groups is the same.
Then the contribution of variable X1 to the change in the average value of Y is
given by:

1   NA

––– � F(β̂0
A + X1i

Aβ̂1
A + X2i

Aβ̂2
A + …) – F(β̂0

A + X1i
Bβ̂1

A + X2i
Aβ̂2

A + …) (8)
NA

i=1

To calculate the contributions of individual independent variables there
needs to be a one-to-one matching of observations from both groups. To
generate this matching, each person in Group A is ranked according to their
predicted probability and similarly for each person in Group B. Then the
person with the highest predicted probability in Group A is matched with the
person with the highest predicted probability in Group B and the person with
the second highest predicted probability in Group A is matched with the
person with the second highest predicted probability in Group B and so on.20

In practice, the sample sizes of both groups will seldom be the same so to
calculate the contribution of individual independent variables to the gap
Fairlie suggests taking a random sample of the larger group that is equal in
size to the other group.  Each observation in the subsample of the larger group
and the full sample of the smaller group is separately ranked by their
predictive probabilities and matched by their respective rankings as before.
The decomposition estimates will depend on the randomly chosen subsample.
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20 As the predicted probabilities are non-linear functions of the parameter estimates standard
errors for the estimates are calculated using the delta method.
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Ideally, the results should approximate those from matching all of Group A to
Group B. To achieve this, lots of random subsamples from the larger group
should be chosen and each of these should be matched to the smaller sample.
Then separate decompositions for each subsample should be computed and the
average value of the separate decompositions can be used to approximate the
results for the whole of the larger group.

Table 9 presents the results of the non-linear decomposition of the
difference in job mobility rates between the two periods. The coefficient
estimates from the pooled sample are used to calculate the decomposition.21

The results are based on mean values of decompositions with 1,000 different
subsamples. The table also shows the average values of the independent
variables over the two time periods.22

The difference in the average value of the independent variables accounts
for around 32 per cent of the difference in job mobility rates over the two time
periods. This means that the difference in mobility rates between the two time
periods would be around 32 per cent lower if the people in the 1995-97 group
had the same distribution of characteristics as the people in the 1998-01
group. In terms of individual characteristics, experience and working in the
public sector are important contributors to explaining the difference in
mobility rates between the two time periods. The standard errors on
practically all of the individual contributions are high so we cannot say with a
lot of confidence how important individual variables are. However, the
standard error on the overall contribution of the independent variables is low.
The results suggest that the changing composition of the sample is only
driving around a third of the increase in job mobility over the period.  

In Section II, the rising proportion of young people in the sample was put
forward as a possible explanation for the rise in mobility. Including age and its
square in the decomposition instead of the experience variables produces
broadly similar results; the overall contribution of the independent variable is
29 per cent. Finally, including the unemployment rate in the model increases
the proportion of the gap explained to 77 per cent. However, the fall in the
unemployment rate captures the changing labour market conditions facing
workers and is not related to the changing composition of the sample.
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21 Using the coefficient estimates from 1995-97 or 1998-01 in the decomposition produces similar
results.
22 Year dummies are included for both sub-periods. The omitted year is 1995 in the first sub-period
and 1998 in the second sub-period.
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VI CONCLUSION

This paper has analysed job mobility in Ireland over the period 1995 to
2001 using data from the Living in Ireland Survey. It finds that there are
several factors that determine mobility. Consistent with the theoretical and
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Table 9: Non-Linear Decomposition of the Difference in Job Mobility Rates
Between 1995-97 and 1998-01 Using the Fairlie Method

Sample used to estimate coefficients Pooled Coefficients

Average Mobility Rate 1995-97 0.0394
Average Mobility Rate 1998-01 0.0756
Difference 0.0362
All Variables (Amount of Gap Explained) 0.0114
Standard Error 0.0094
% of Overall Gap Explained 31.5%

Contribution P >|Z| X
–
9597 X

–
9801

Experience 0.0111 0.18 20.2 18.9
Experience squared –0.0069 0.35 544.1 483.2
Education – medium –0.0005 0.53 0.38 0.46
Education– high 0.0002 0.75 0.14 0.17
Female –0.0002 0.70 0.33 0.38
Children –0.0004 0.37 0.58 0.55
Married 0.0012 0.20 0.71 0.65
Public Sector 0.0021 0.09 0.31 0.27
Number of Employees 0.0001 0.86 0.36 0.35
Overskilled –0.0012 0.01 0.48 0.46
Occupation of Origin:

Manager 0.0011 0.05 0.11 0.09
Professional 0.0008 0.37 0.26 0.25
Clerk –0.0005 0.33 0.21 0.25
Skilled –0.0003 0.61 0.23 0.21

Sector of Origin:
Agriculture & Mining 0.0010 0.19 0.14 0.11
Manufacturing    0.0000 0.95 0.18 0.20
Utilities –0.0001 0.73 0.01 0.01
Building 0.0009 0.30 0.07 0.08
Market Services 0.0002 0.81 0.33 0.36

Year Dummies:
1996 –0.0010 0.82 0.33
1997 –0.0053 0.34 0.34
1999 0.0005 0.82 0.25
2000 0.0070 0.02 0.25
2001 0.0017 0.51 0.26
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empirical literature in this area years of labour market experience is a key
determinant of voluntary job change. Workers in the public sector are less
likely to change jobs and workers who are overskilled are more likely to
change jobs. It finds that gender does not affect the probability of changing
jobs. Although general human capital captured by education does not affect
the probability of voluntary mobility, occupational level, which embodies more
specific human capital, exerts a negative influence on job mobility. However,
human capital captured by both education level and occupation significantly
reduces the probability of experiencing involuntary mobility. In addition,
somewhat surprisingly, working in the public sector does not reduce the
probability of involuntary mobility. 

The paper also finds the rate of voluntary job mobility in Ireland trebled
over the period. Estimation results show that workers were more likely to
change jobs in the later part of the period. A decomposition analysis shows
that only around a third of this increase is driven by changes in the
composition of the sample. The changing labour market conditions facing
workers appear to be an important factor driving the increase. Even
accounting for compositional changes and changes in the labour market, a
substantial part of the increase in job mobility over the period remains
unexplained. It may be that there has been an increase in job instability over
the period, although this is not necessarily worrying as the increase in
mobility was voluntary in nature. At the same time, worker preferences may
also have changed over the period, with a decline in the importance of the idea
of a “job for life”. 
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Table A1: Age Distribution of Workers and Job Change Rate by Age Group

1995 1996 1997 1998 1999 2000 2001
% % % % % % %

Age Distribution of Sample
20-29 years 17 19 20 21 22 24 24
30-39 years 31 30 28 27 26 23 23
40-49 years 26 27 29 29 29 29 28
50-60 years 26 25 23 23 23 23 24

Average Age 41.0 40.6 40.1 39.8 39.8 39.6 39.7

Voluntary Job Change Rate by Age Group
20-29 years 12 10 15 15 16 20 13
30-39 years 3 4 3 6 6 8 8
40-49 years 2 2 3 4 4 4 3
50-60 years 0 1 1 2 2 5 4

Average Age 28.9 32.0 29.8 32.4 31.1 32.4 34.0

Involuntary Job Change Rate by Age Group
20-29 years 3 5 3 5 3 4 3
30-39 years 2 2 1 3 3 3 2
40-49 years 2 3 2 2 2 1 3
50-60 years 2 2 4 3 2 3 1

Average Age 39.4 36.2 40.4 37.7 38.4 37.1 37.1

Table A2: Gender Distribution of Workers and Job Change Rate by Gender

1995 1996 1997 1998 1999 2000 2001
% % % % % % %

Gender Distribution of Sample
Male 69 67 66 63 63 63 61
Female 31 33 34 37 37 37 39

Voluntary Job Change Rate by Gender
Male 4 3 4 5 6 8 7
Female 2 4 5 9 8 10 7

Involuntary Job Change Rate by Gender
Male 2 2 3 3 3 2 2
Female 3 3 1 3 1 4 2
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Table A3: Education Distribution of Workers and Job Change Rate by
Education Level

1995 1996 1997 1998 1999 2000 2001
% % % % % % %

Education Distribution of Sample
Low-Skilled 49 48 48 41 39 36 34
Medium-Skilled 36 39 39 43 45 47 49
High-Skilled 14 13 13 15 17 17 17

Voluntary Job Change Rate by Education
Low-Skilled 2 2 5 5 5 7 7
Medium-Skilled 4 6 6 8 9 10 8
High-Skilled 5 2 1 5 7 11 4

Involuntary Job Change Rate by Education
Low-Skilled 3 3 3 4 4 4 3
Medium-Skilled 2 3 2 3 2 2 2
High-Skilled 1 0 1 1 1 2 2

Table A4: Occupational Distribution of Workers and Job Change Rate by
Occupation

1995 1996 1997 1998 1999 2000 2001
% % % % % % %

Occupational Distribution of Sample
Manager 12 11 10 9 8 8 10
Professional 25 26 26 24 26 24 24
Skilled 23 23 22 21 21 21 21
Clerk 21 22 22 24 24 26 26
Elementary 18 19 20 22 21 21 19

Voluntary Job Change Rate by Occupation
Manager 4 3 3 3 5 5 5
Professional 5 4 4 5 8 7 3
Skilled 3 2 5 2 5 6 8
Clerk 5 5 6 10 8 13 11 
Elementary 2 5 7 10 9 12 6

Involuntary Job Change Rate by Occupation
Manager 1 2 0 1 0 0 1
Professional 1 1 2 1 1 3 2
Skilled 2 1 1 2 3 3 3
Clerk 2 3 1 4 2 3 2
Elementary 5 6 7 6 5 5 4
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Table A5: Sectoral Distribution of Workers and Job Change Rate by Sector

1995 1996 1997 1998 1999 2000 2001
% % % % % % %

Sectoral Distribution of Sample
Agriculture & Mining 16 15 12 12 11 10 9
Manufacturing 18 18 19 21 19 19 19
Utilities 1 1 1 1 1 1 1
Construction 7 8 7 7 8 8 9
Market Services 33 32 35 34 36 36 38
Non-Market Services 25 26 26 26 25 25 24

Voluntary Job Change Rate by Sector
Agriculture & Mining 1 2 2 1 1 4 1
Manufacturing 2 3 6 6 5 8 8
Utilities 0 0 0 0 7 0 0
Construction 6 7 11 6 12 16 12
Market Services 6 6 6 10 10 13 10
Non-Market Services 1 2 2 4 4 5 3

Involuntary Job Change Rate by Sector
Agriculture & Mining 1 2 1 3 3 1 2
Manufacturing 1 1 1 3 3 1 1
Utilities 0 0 0 0 0 0 0
Construction 12 9 6 1 2 6 5
Market Services 3 3 3 4 3 3 3
Non-Market Services 1 2 2 3 3 3 2
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Table A6: Explanatory Variables: Definitions and Summary Statistics

Variable Description Mean Std. 
Dev.

Experience Number of years in employment 19.2 11.5
Education – low Dummy variable that takes the value 1 0.42 0.49
(Reference Category) if highest educational qualification is 

Junior Certificate and zero otherwise
Education – medium Dummy variable that takes the value 1 0.43 0.50

if highest educational attainment is 
above Junior Certificate but below 
degree level and zero otherwise

Education – high Dummy variable that takes the value 1 0.15 0.36
if highest educational qualification is a 
degree or above and zero otherwise

Female Dummy variable that takes the value 1 0.36 0.48
if female and zero if male 

Married Dummy variable that takes the value 1 0.67 0.47
if married and zero otherwise

Children Dummy variable that takes the value 1 0.56 0.50
if the person has children and zero 
otherwise

Public Dummy variable that takes the value 1 0.28 0.45
if the person was working in the public 
sector in the previous year and zero 
otherwise

Number of Employees Dummy variable that takes the value 1 0.35 0.48
if the number of employees in the firm in 
the previous year is more than 50 and 
zero otherwise.

Overskilled Dummy variable that takes the value 1 0.47 0.50
if the worker reported that they felt they 
had skills and qualifications to do a more 
demanding job

Occupation of Origin: Dummy variable that takes the value 1 0.10 0.29
Manager if occupation of origin is manager, senior 

official or legislator and zero otherwise
Professional Dummy variable that takes the value 1 0.25 0.43

if occupation of origin is professional, 
technician or associated professionals and 
zero otherwise

Clerk Dummy variable that takes the value 1 0.23 0.42
if occupation of origin is clerk, service, 
shop or sale worker

Skilled Dummy variable that takes the value 1 0.22 0.41
if occupation of origin is skilled agricultural 
or fishery worker or a skilled craft or 
trades worker and zero otherwise
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Table A6: Explanatory Variables: Definitions and Summary Statistics (contd.)

Variable Description Mean Std. 
Dev.

Elementary Dummy variable that takes the value 1 0.20 0.40
(Reference Category) if occupation in the previous year is plant 

or machine operator or assembler, or 
elementary occupation and zero otherwise

Sector of Origin: Dummy variable that takes the value 1 0.12 0.32
Agriculture & Mining if sector of origin is agriculture, fishing, 

mining or quarrying and zero otherwise 
Manufacturing    Dummy variable that takes the value 1 0.19 0.39

if sector of origin is manufacturing and 
zero otherwise

Utilities Dummy variable that takes the value 1 0.01 0.10
if sector of origin is utilities and zero 
otherwise

Building Dummy variable that takes the value 1 0.08 0.27
if sector of origin is building and zero 
otherwise

Market Services Dummy variable that takes the value 1 0.35 0.48
if sector of origin is distribution, hotels 
and restaurants, transport, storage and 
communications, financial intermediation, 
or real estate, renting and business 
activities and zero otherwise

Non-Market Services Dummy variable that takes the value 1 0.25 0.43
(Reference Category) if sector or origin is education, public 

administration and defence or health 
and social work and zero otherwise

Year Dummies:
1995 Dummy variable that takes on the value 1 
(Reference Category) if the year is 1995 and zero otherwise 0.13
1996 Dummy variable that takes on the value 1

if the year is 1996 and zero otherwise 0.13
1997 Dummy variable that takes on the value 1

if the year is 1997 and zero otherwise 0.14
1998 Dummy variable that takes on the value 1

if the year is 1998 and zero otherwise 0.14
1999 Dummy variable that takes on the value 1

if the year is 1999 and zero otherwise 0.15
2000 Dummy variable that takes on the value 1

if the year is 2000 and zero otherwise 0.15
2001 Dummy variable that takes on the value 1

if the year is 2001 and zero otherwise 0.16
Unemployment Rate ILO annual unemployment rate from 7.71 3.3

the CSO
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